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JONAH BERGER and KATHERINE L. MILKMAN*

Why are certain pieces of online content (e.g., advertisements, videos,
news articles) more viral than others? This article takes a psychological
approach to understanding diffusion. Using a unique data set of all the
New York Times articles published over a three-month period, the authors
examine how emotion shapes virality. The results indicate that positive
content is more viral than negative content, but the relationship between
emotion and social transmission is more complex than valence alone.
Virality is partially driven by physiological arousal. Content that evokes
high-arousal positive (awe) or negative (anger or anxiety) emotions is
more viral. Content that evokes low-arousal, or deactivating, emotions
(e.g., sadness) is less viral. These results hold even when the authors
control for how surprising, interesting, or practically useful content is (all
of which are positively linked to virality), as well as external drivers of
attention (e.g., how prominently content was featured). Experimental
results further demonstrate the causal impact of specific emotion on
transmission and illustrate that it is driven by the level of activation
induced. Taken together, these findings shed light on why people share
content and how to design more effective viral marketing campaigns.

Keywords: word of mouth, viral marketing, social transmission, online
content

What Makes Online Content Viral?
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more than others?: Quantifying facial expressions to gain new insights. Journal
of Advertising Research, 60(4), pp.370-380.

Why Do Some Advertisements Get

Shared More than Others?
Quantifying Facial Expressions

To Gain New Insights

DANIEL McDUFF Why do some advertisements get shared more than others? Using scalable automated facial
Microsoft Research

) coding algorithms, the authors quantified the facial expressions of thousands of individuals
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in response to hundreds of video advertisements. Results suggest that not all emotions

JONAH BERGER increase sharing and that the relationship between emotion and transmission is more
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emotion (e.g., lip depressor associated with sadness) were linked to decreased sharing,
others (e.g., nose wrinkles) associated with disgust were linked to increased sharing.
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A loan of $925 helps to buy additional cocoa beans.
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https://www.kiva.org/lend-beta/2403645
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Galak, J., Small, D. and Stephen, A.T., 2011. Microfinance decision making: A
field study of prosocial lending. Journal of Marketing Research, 48, pp.S130-

S137.
JEFF GALAK, DEBORAH SMALL, and ANDREW T. STEPHEN*

Microfinancing, or small uncollateralized loans to entrepreneurs in the
developing world, has recently emerged as a leading contender to cure
world poverty. Our research investigates the characteristics of borrowers
that engender lending through Kiva, a popular organization that connects
individual lenders to borrowers through online microfinance. Lenders favor
individual borrowers over groups or consortia of borrowers, a pattern con-
sistent with the identifiable victim effect. They also favor borrowers that
are socially proximate to themselves. Across three dimensions of social
distance (gender, occupation, and first name initial), lenders prefer to give
to those who are more like themselves.

Keywords: prosocial lending, microfinance, microlending, decision
making, financial decision making

Microfinance Decision Making: A Field Study
of Prosocial Lending
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While the past year in our new place has been more than great, the roof is
now leaking and I need to borrow $2,000 to cover the cost of the repair. |
pay all bills (e.g., car loans, cable, utilities) on time.
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Frontiers: Machines vs. Humans: The Impact of Artificial
Intelligence Chatbot Disclosure on Customer Purchases

Xueming Luo,” Siliang Tong,? Zheng Fang,” Zhe Qu°
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Purchase Rate

Underdogs Proficient Without Before After After decision
Workers disclosure conversation conversation




Visual Listening In: Extracting Brand Image Portrayed on
Social Media

Liu Liu,® Daria Dzyabura,® Natalie Mizik®
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